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Misunderstandings and Correct Ways:
the Dilemma, Causes and Improvements of Algorithm Problems
in Legal Artificial Intelligence

HONG Ling-xiao

(Law School, Sichuan University, Chengdu, Sichuan 610207, China)

Abstract: With the success of AlphaGo in the field of Go, people have begun to think about
whether it is possible to transplant the statistical probabilistic calculation algorithms represented
by “deep learning” algorithms into the legal field. At present, legal technology companies often
promote their legal artificial intelligence products in the name of “deep learning”, “reinforcement
learning”, and “neural network”, which do not work well in practice. What is really used in judi-
cial practice is still the traditional symbolic algorithm represented by the “knowledge map”. The
voice-to-text conversion system, which uses the “deep learning” algorithm. is also a general-pur-
pose algorithm, not tailor-made for the legal field. It has problems such as opacity. injustice, and
lack of neutrality. The three reasons behind this phenomenon are business, technology and tal-
ents. Legal technology companies have to choose the traditional symbolic algorithms that seem to
be the most secure at present due to economic reason. Technically, the characteristics of the law
itself also make statistical probabilistic algorithm useless in the short term. The lack of talents in
legal artificial intelligence is a major constraint to its development. In the future, it is necessary
to develop a new type of algorithm specifically for the legal field that combines symbolic and sta-
tistical probabilistic algorithms. Meanwhile, it is necessary to perform algorithm warnings, algo-
rithm open source, and algorithm audits while visualizing the algorithms.

Key words: legal artificial intelligence; algorithm; deep learning; reinforcement learning;

knowledge map
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